Crowd science is scientific research that is conducted with the participation of volunteers who are not professional scientists. Thanks to the Internet and online platforms, project initiators can draw on a potentially large number of volunteers. This crowd can be involved to support data-rich or labour-intensive projects that would otherwise be unfeasible. So far, research on crowd science has mainly focused on analysing individual crowd science projects. In our research, we focus on the perspective of project initiators and explore how crowd science projects are set up. Based on multiple case study research, we discuss the objectives of crowd science projects and the strategies of their initiators for accessing volunteers. We also categorise the tasks allocated to volunteers and reflect on the issue of quality assurance as well as feedback mechanisms. With this article, we contribute to a better understanding of how crowd science projects are set up and how volunteers can contribute to science. We suggest that our findings are of practical relevance for initiators of crowd science projects, for science communication as well as for informed science policy making.
Introduction
Online technologies help to organise thousands of people around the world who engage in the process of knowledge creation (Castells, 2000; Dickel and Franzen, 2016; Meyer and Schroeder, 2015; Stehr, 2002) . This enriches institutionalised science and offers new ways of engaging with civil society (Bonney et al., 2016; Riesch and Potter, 2014) .
Volunteer engagement in knowledge creation is by no means a new phenomenon, but it is one that has gained momentum with the emergence of online technologies. In recent years, a multitude of projects have been launched that allow for interaction between volunteers and professional scientists. As it is analogous to crowdsourcing in applied research, this form of interaction has been labelled 'crowd science' (Franzoni and Sauermann, 2014) .
What older forms of citizen science and today's crowd science have in common is that the volunteers' participation is self-selected and serves the purpose of discovery in both cases (Haklay, 2013; Reed et al., 2013; Silvertown, 2009) . But there are some features that differentiate crowd science from traditional citizen science: it is scalable, volunteers participate independently of time and place and the forms of participation involved are novel, such as gamification. Scientific problems can be efficiently distributed among a large number of volunteers who contribute to the discovery process through particular research-related tasks, ranging from data gathering to the interpretation and annotation of datasets.
Modern crowd science is sometimes described as a method of scientific discovery that academic scientists can employ to solve complex research questions (Nature, 2015) . It can also be understood as a form of communication and knowledge exchange between volunteers and scientists (Bonney et al., 2016) . In this sense, crowd science is neither merely a method of academic research to solve increasingly complex problems nor solely the work of enthusiasts outside of academia. Crowd science appears to complement rather than supplant the role of the professional scientist (Dickel and Franzen, 2016) .
Given the potential of crowd science in an academic context, it is hardly surprising that the phenomenon itself has attracted the attention of academic research (Franzoni and Sauermann, 2014; Wechsler, 2014) . While scholarly interest in the phenomenon mainly focuses on the organisational principles of crowdsourced research and user motivation, we know little about how these projects come about, and there is limited research critically assessing the implicit understandings held by those running crowd science projects (Dickel and Franzen, 2016) . Even though some claim that crowd science is a method of academic discovery (Nature, 2015; Nielsen, 2012) , to our knowledge, no research has examined how crowd science projects are set up and what strategies are used to interact with the crowd.
On the basis of case studies of 12 German crowd science projects, we show and reflect upon the different objectives of crowd science projects. We also identify strategies for accessing the crowd, types of participation, approaches to quality assurance and feedback mechanisms. With this article, we hope to shed light on how crowd science projects are set up and on the relationship between the volunteers and professional scientists. In the following sections of this article, we categorise the relevant literature into four perspectives on crowd science; we then describe our methodological approach, present our results and subsequently discuss them.
Background

Citizen science and crowd science
Citizen science is generally understood as scientific research that actively involves amateurs or non-professionals in science. There is a long history of non-professional involvement in some domains of research, in some cases predating the professional scientific organisational structures that support modern science. Different philosophies of citizen science persist, depending on national and historical contexts. Along these lines, citizen science is associated with Irwin's (1995) call to democratise science and draw public attention to issues such as sustainability. Yet, citizen science is also associated with a more practical perspective, assumed, for example, by Bonney (1996) , who sought out volunteers to support data collection efforts in ornithology. Both approaches seek to benefit volunteer communities and professional scientists alike. For volunteers, these benefits may include gains in specific knowledge about science and an increased awareness of vital scientific and societal issues. This form of participation may also make the general public more effective in shaping both science and science policy (Bonney et al., 2016; Land-Zandstra et al., 2016) . Professional scientists may gain analogous benefits, such as a deeper understanding of how the public interprets scientific problems and what motivates scientific hobbyists, as well as practical benefits, for instance, help with coding large volumes of measurement data (Riesch and Potter, 2014) .
Crowdsourcing -the concept of obtaining services, ideas or content through the contribution of a large group of people, typically from online communities (Merriam-Webster, 2016 ) -rose to prominence in the early 2000s (Howe, 2006) . Since then, the concept has been applied to a range of fields, from disaster relief (Zook et al., 2010) to visualisation design (Heer and Bostock, 2010) . Academia has intensively studied crowdsourcing as a tool to solve creative problems (Afuah and Tucci, 2012; Bayus, 2013; Leimeister et al., 2009; Poetz and Schreier, 2012) by drawing on the diversity of perspectives inherent in a crowd.
Looking at both citizen science and crowdsourcing, Franzoni and Sauermann (2014) defined crowd science as research that is characterised by two features: 'participation in a project is open to a wide base of potential contributors' and 'intermediate inputs such as data or problem solving algorithms are made openly available' (p. 1). Applied industry research and basic academic research generally differ in their aims, and accordingly, the nature of crowdsourcing and crowd science differs, too. In contrast to crowdsourcing, where payments and prizes are common, crowd science projects heavily depend on volunteers who do not receive any form of pay. Furthermore, many crowd science projects incorporate volunteers in the collection or annotation of scientific data, although some crowd science projects are also concerned with more educational objectives (Bonney et al., 2016) . Given these observations, crowd science is not discussed as a specific form of crowdsourcing, but rather as a specific form of citizen science.
That being said, crowd science can be both a way of enhancing citizen participation in science through technology and a mechanism for exploiting the crowd to perform simple and repetitive tasks. The latter resonates with more recent conceptions of the digitisation of science (science 2.0) as a neo-liberal project (Mirowski, 2011) in which discovery is ruled by the primacy of efficiency and where knowledge is not considered a public good but a commodity to be monetised. Following this understanding, crowd science would be a tool to exploit resources for non-public gains. In contrast, it is worth noting that crowd science can also be a means to conduct research projects that would stand little chance of securing funding from conventional research funds or from commercial investors.
To summarise, crowd science can be an effective tool for scholarly communication and an example of good scientific practice; it can, however, also be a euphemism for crowd exploitation.
Research on crowd science
In our survey of existing literature, we identified four streams of research on crowd science. The first stream of research involves case studies and analyses of individual crowd science projects. The second stream of research takes a utilitarian view that loosely corresponds to Bonney's (1996) hands-on approach and considers potential fields of application for crowd science. The third stream of crowd science literature critically examines the concept against the background of the 'problem of extension' (Collins and Evans, 2002; Dickel and Franzen, 2016) , that is, the notion that in order for science to retain a degree of exclusivity and epistemic superiority over other forms of knowledge production, there needs to be limits on who can participate. Finally, the fourth stream of research looks at crowd science from the perspective of its democratic potential to enable scientific citizenship in Irwin's (1995) sense.
The individual project perspectives on crowd science
The first stream of research focuses on individual crowd science projects. Brossard et al. (2005) analyse the impact of the crowd science project The Birdhouse through a user survey. The authors show that participation in the crowd science project increased the participants' knowledge of bird biology. The authors note that the primary motivation for participants to take part in the project was an interest in birds rather than a desire to contribute to a scientific project. Sullivan et al. (2009) present the bird observation network eBird. They describe the community of birdwatchers as 'a global network of avian sensors' (p. 2290) and make the observation that bird users have shifted away from making simple causal observations and have begun to provide useful effort-based data. This, according to the authors, shows that long-standing volunteer efforts can be productively combined with new initiatives and technologies. Moreover, the ability to create, manage and manipulate vast, real-time data resources influences the ways in which people study biology and conduct observational research. Raddick et al. (2010) analyse user motivation in the crowd science project Galaxy Zoo, an astronomy project that invites people to assist in the classification of large numbers of galaxies. While the authors note that most users' motivation is multifaceted, the most common motivation was an intrinsic interest in the topic of astronomy, echoing the results of Brossard et al. (2005) . Delaney et al. (2008) use quantitative measures of accuracy on the data collected by volunteers. They see the integration of volunteers as a way of establishing large datasets, but they also point to the issue of maintaining the motivation to participate longitudinally, a point that is also raised by Riesch and Potter (2014) in an interview study that examines the views of professional scientists on citizen science. Furthermore, Delaney et al. (2008) highlight funding issues and data quality as relevant problems of crowd science projects.
To summarise, single case studies address a range of questions relating to particular aspects of individual projects. The topics covered include the transformation of citizen science into crowd science through digital infrastructures, the learning experiences of crowd scientists and the motivational aspects of participants. By and large, however, the cited studies do not allow us to draw inferences regarding the impact of crowd science beyond a single platform and do not establish commonalities between different initiatives.
Utilitarian perspectives on crowd science
The second stream of research assumes a utilitarian stance on crowd science. From this point of view, crowd science is either a means of facilitating data-intensive research or fostering science communication. Hochachka et al. (2012) describe crowd science as a means of promoting dataintensive research in ecology. They see volunteer engagement as a way to extend methods for acquiring, integrating and modelling massive quantities of diverse data. In the same vein, Dickinson et al. (2010) see crowd science as a means to pursue new, quantitative approaches to emerging questions about the distribution and abundance of organisms across space and time. In their opinion, crowd science is a research tool with the capacity to contribute to long-term data-intensive research projects. The authors highlight the requirement for expertise in working with large, messy datasets and the need to have competing hypotheses to make good use of volunteers in research. Cooper et al. (2007: para 1) describe crowd science as a tool for conservation in residential ecosystems. They propose an extension of crowd science that increases the collaboration between researchers and the public: 'By involving citizen participants directly in monitoring and active management of residential lands, citizen science can generate powerful matrix management efforts, defying the "tyranny of small decisions" and leading to positive, cumulative, and measurable impacts on biodiversity'.
To summarise, the utilitarian perspectives regard crowd science as a method for collecting data or as a tool for science communication. Implicitly, these perspectives assume that while crowd science produces tangible results, it has little impact on professional scientists and their authoritative role in relation to non-professionals.
Critical perspectives on crowd science
The third stream of literature focuses on critical perspectives on crowd science. Dickel and Franzen (2016) argue that crowd science represents an instance of the 'problem of extension' described by Collins and Evans (2002) as the implicit understanding that science's epistemic dominance over other forms of knowledge depends on its exclusivity, that is, the expertise of professional scientists, which does not fully extend to interested volunteers, who may very well support scientific research, but cannot replace professionals. In a recent book, Collins critically asks whether 'we [are] all scientific experts now', to which he answers with a resounding 'No' (Collins, 2014) . Following this line of thought, volunteer participation in crowd science does not democratise science. It gives rise to alternative forms of knowledge creation that are not in competition with established professional science but that do not contribute to it either. Alternatively, it represents a form of research outsourcing through which the utilitarian potential of volunteer labour is harnessed by professional scientists, a mechanism which may have adverse effects on institutional science in the long term. Dickel and Franzen (2016) accordingly speak critically of a 'dissolution of social boundaries in the societal knowledge production, which pushes into the background the institutional framework of scientific organizations, professional communities and the professional role of scientists itself' (p. 11).
In summary, in the literature that delineates critical perspectives on crowd science, the phenomenon is described as the 'problem of extension'. Blurring the boundaries between crowd science and institutional science, however, might ignite critical reflection as to the strengths and weaknesses of both knowledge creation frameworks.
Democratising perspectives on crowd science
Finally, the fourth stream of literature looks at crowd science from the perspective of its democratic potential. Franzoni and Sauermann (2014) present examples of crowd science from different fields of science and illustrate similarities regarding what these projects do and how they are organised. They distinguish crowd science from traditional (Mertonian) science by virtue of its open research process, in which intermediate results are shared with a community, which includes non-professionals. In a follow-up study, Sauermann and Franzoni (2015) analyse data from seven different crowd science projects regarding user contribution. They find that most contributors participate only briefly and with little effort, but a small share of users returns on a regular basis to contribute the lion's share of the work. According to the authors, top contributors also tend to work more efficiently, which suggests a level of learning rather than inherent skill. Tulloch et al. (2013) use return-on-investment thinking to identify the minimum investment needed for different crowd science programmes and the point at which investing more in crowd science has diminishing returns. According to the authors, longitudinal schemes are more cost-effective. Silvertown (2009) argues that the major difference between modern crowd science and the historical form of citizen science is that crowd science is now an activity that is potentially available to all citizens and not just the privileged few. Conrad and Hilchey (2011) review the literature on crowd science and identify two major research gaps. The first gap refers to the need to compare and contrast the success of crowd science projects, a point also made by Bonney et al. (2016) . The second gap refers to the need for more research on the use of data from crowd science projects by decision-makers.
While there is already a notable body of research on the motivational aspects of crowd science, its organisational principles and practical fields of application, there is little empirical research on the managerial aspects of crowd science. It is important to understand the views, motivations and strategies of project coordinators, especially against the backdrop that crowd science can be a euphemism for using citizens as free labour. This makes it all the more necessary to address the project management side of the phenomenon and deepen our understanding of how these projects are set up.
Methodology
Crowd science is a contemporary phenomenon that has received little research attention with regard to its managerial structure. Thus, we chose an exploratory approach for our research design. We conducted a multiple-case, comparative and inductive study (Yin, 2013) as this method was the most appropriate one for achieving our general goal of developing theoretical explanations for why and how crowd science projects emerge.
Sample
For our research, we limited the case selection to projects from Germany for several reasons. First, Germany has a long tradition of citizen science (Finke, 2014) . Second, many examples of crowd science come from English-speaking countries, leaving it unclear whether their findings can be generalised to other contexts. Third, our knowledge of the national research environment allowed us to meet with key people from each case and to conduct face-to-face interviews.
In a first step, we identified 29 research projects that fit the description of crowd science provided by Franzoni and Sauermann (2014) . For each project, we collected general information concerning the scope of the project, the responsible entities, the tasks the crowd conducts, the location for the tasks, the target audience and the form of prior knowledge necessary to participate.
Our case selection was led by our goal of developing an understanding of how crowd science projects emerge (Eisenhardt and Graebner, 2007) . It was therefore necessary to select individual cases that provided unique insights while contributing to a more general understanding of crowd science. Given the variety of research settings and forms of participation in crowd science projects, we conducted in-depth case studies of 12 crowd science projects from the larger sample. We conducted the case studies iteratively and step-wise. New cases were added to rule out alternative explanations (Eisenhardt and Graebner, 2007) . We added cases to our sample as long as they could justify a theoretical contribution. Table 1 provides a summary of the cases we included in our sample.
Data collection
Our main data source was semi-structured interviews with project managers and other involved individuals. We used further data sources such as additional short and informal interviews, observational data, workshop and conference impressions, journalistic reports, publications and archival data from the projects (e.g. blog posts, press releases) for data triangulation (Eisenhardt, 1989) . This form of triangulation allowed us to enhance construct validity by cross-checking facts and questioning isolated statements (Jick, 1979) . During our in-depth interviews with representatives of the selected cases, we asked respondents about past and current events to obtain an understanding of how the project evolved. We organised all interviews according to a semi-structured interview guide and gave all interviewees space to add further information. Questions were focused on facts and events rather than interpretations and opinions. To control for respondent bias, we did not present our emergent theoretical model to the interviewees.
All interviews were conducted during the second half of 2014 in the German language; they lasted between 30 and 65 minutes and were recorded. Every interview was then transcribed verbatim, which led to an interview report of approximately 65,000 words.
We asked our interview partners about the project's background, which included a general description of the project and the rationale behind it, and enquired about the role the Internet plays for the project. Next, we focused on questions concerning the volunteers and asked the interviewees to describe these individuals and to tell us about the strategies employed to involve them and to keep them engaged. We also asked about barriers to entry and the handling of data generated by the volunteers. Finally, we enquired about quality control and feedback mechanisms.
Data analysis
We entered the collected data into a case database and developed individual case reports. These reports included information from all sources, individual quotes, observations, timelines and key facts. On the basis of the interviews and our case reports, we conducted within-case analyses. We thematically coded the available information and formed independent views for each case history. In a series of workshops, conducted at regular intervals throughout 2015, we discussed these views and cross-checked our emerging theoretical contribution. This provided us with the opportunity to verify facts and work out inconsistencies in our theoretical understanding. Our cross-case analysis was conducted by entering data from all case reports into thematically structured tables which helped us to conduct cross-case pattern sequencing (Miles and Huberman, 1984) and pair-wise comparisons (Eisenhardt, 1989) .
Through our research, we identified several core challenges that crowd science platforms have to deal with in their development phase. Furthermore, we wanted to describe how these challenges can lead to different decisions and therefore to differences among crowd science platforms.
Results
Our data analysis revealed five aspects that are relevant for setting up a crowd science project. First, we delineate the objectives of crowd science projects, differentiating between those where the main objective is knowledge generation and those where the main objective is centred on an interest in a topic. Furthermore, within projects where the primary objective is knowledge generation, we distinguish between approaches that are driven by a research question and projects that pursue a data-driven approach. Second, we describe ways of accessing the crowd. Third, we classify the tasks performed by the volunteers into three broad categories: annotating, collecting and producing. Next, we discuss the issue of quality assurance and differentiate between manual and automated mechanisms. Finally, we discuss feedback mechanisms. We present an overview of our findings in Table 2 and describe our findings in more detail in the following sections. 
ME
The notion of open participation and open access to the project's results, as described by Franzoni and Sauermann (2014) , is reflected in the crowd science projects we studied. In most projects we analysed, there are no formal restrictions in terms of participation (for exceptions, see 
The objectives of crowd science projects
All crowd science projects engage volunteers to perform specific tasks, typically generating or processing some form of data that contributes to the overall goal of the project. Yet, there are differences regarding the exact aims and objectives. We distinguish between two project forms: projects where the predominant objective is the generation of knowledge and projects where the general interest in a topic is the key concern. Among projects where the main objective is to generate knowledge, we differentiate further between projects that are initiated by scientists who want to employ crowd science as a means of answering a specific research question (e.g. Mückenatlas) or by scientists who have a research interest in a specific area and pursue a data-driven approach without a specific research question at the outset (e.g. ARTigo). Crowd science projects where a general interest is the main objective are typically initiated by an individual or a group of people who are passionate about a topic and who want to share their enthusiasm with others. As one project coordinator explained, But what is in my opinion, very, very important and also distinguishes the project is that it did not come from a scientific institute.
[…] In our case the citizens themselves developed the project without cooperating with an academic institution. (Tauchen für den Naturschutz) While these projects are also centrally concerned with knowledge generation, they focus on making materials and data on the topic of interest available to others. For example, the project Tauchen für den Naturschutz gathers data that are useful for monitoring the water quality of lakes. This is of interest to the communities involved, such as scuba divers and environmentalists. Other cases in our sample that centre on a topic of interest are Bildungsexplosion, KLEKs and WISSENSDINGE.
Regardless of whether project initiators are driven by the desire to include volunteers to help them generate knowledge or by a desire to engage volunteers in a topic of shared interest, all crowd science projects rely on the engagement and effort of the volunteers, and often on their expertise. With the help of the crowd, project initiators can pursue a goal that they would otherwise not be able to achieve.
Ways of accessing the crowd
All crowd science projects are confronted with the challenge of accessing volunteers and motivating them to perform assigned tasks. Based on our case studies, we identified two main strategies for accessing the crowd: crowd building and crowd harnessing.
The crowd building strategy relies on recruiting volunteers around a specific question or issue. The idea is to build a community of volunteers who will perform specific tasks, reducing the project's costs or scaling it up beyond what would otherwise be feasible. Project initiators reach volunteers through marketing campaigns via traditional or social media channels and, on a smaller scale, via outreach activities or word-of-mouth. The vast majority of the crowd science projects we analysed employ the crowd building strategy (see Table 2 ).
The crowd harnessing strategy relies on tapping into an already existing community. Among the projects we analysed, the ones that most closely approximated this strategy mobilised ornithologists (e.g. Animal Tracker) or scuba divers (e.g. Tauchen für den Naturschutz). The idea behind the strategy is to channel the power of an established community to achieve the project's goals. This way of reaching volunteers requires the crowd science project to be set up around a specific topic and presupposes that the tasks will be designed in a way that is interesting for the community. The community harnessing strategy is employed by only a few of the projects we analysed (see Table 2 ), but it seems to be a strategy that can work well if there is a good match between the project's objective and the interests of the community.
There are also hybrid forms that employ a mixture of crowd building and crowd harnessing strategies. For example, the Animal Tracker project builds on an existing community of ornithologists but needs to keep that community engaged and to recruit new members. Project initiators employing the crowd building strategy either need to find a way to keep volunteers interested in the project so that they keep coming back or, if they are counting on short-term volunteers, they need to find ways to maintain a steady flow of new volunteers. We present an overview of the strategies employed to access volunteers in the crowd science projects we analysed in our sample in Table 2 .
An interesting aspect we identified with reference to accessing the crowd is an effect-based approach, whereby crowd science projects try to reach a goal by trial and error. The rationale of such approaches is that involving a large crowd of non-professionals will sooner or later produce comparable results to those that would be achieved by a small number of experts: '[W] e practically act via pure mass. So it can happen that quantity turns into quality' (ARTigo). This means placing the focus on a large number of small contributions, rather than making efforts to keep a steady base of volunteers interested in the project in the hope of receiving regular contributions from more experienced volunteers. With this strategy, the sum of many one-time contributions can yield valuable results. A project initiator we interviewed used the following analogy to illustrate this idea:
I always have this comparison with a clay pigeon shooter […] who shoots down the things for you, but you have to pay him. Certainly you could do the same thing with 10,000 people, who are wildly shooting around; they would also hit the clay pigeons, even if only by chance. However, you could not do that in real life, because if 10,000 people stand on a field, they would end up shooting each other, but you can do that on the internet. That is the crazy thing. On the internet you can unleash huge crowds on something like that. (ARTigo)
The effect-based approach can best be employed in crowd science projects that are based on simple tasks and do not involve a learning curve. For example, the ARTigo project asks volunteers to add descriptive tags to images of paintings. In theory, it would be possible to solve this problem using a large number of volunteers who all participate only once. In this way, a large crowd of volunteers could potentially generate data that would surpass the contributions of a few dedicated volunteers in terms of quantity and possibly also in terms of overall quality. Moreover, data generated by a large crowd are more diverse than data generated by a core of 'power volunteers'. The effect-based approach has the potential to break the typical pattern of a few very active people producing a substantial part of the outcome, while the majority of participants only produce a fraction of it. ('And of course, things could be different, especially if we really had access to huge masses, then the potential would come true' (ARTigo).) However, accessing volunteers willing to perform these tasks is a challenge, and therefore, this approach remains primarily a conceptual one. So far, ARTigo has employed a gamification approach, which ensures a steady flow of users who return to the game multiple times; however, this approach cannot be easily replicated by other platforms, and gamification approaches only hold true for projects that can break down tasks so they can constitute the building blocks of a game.
Performing the tasks
Breaking down the tasks into manageable units is an essential element of crowd science. As our interviewee from the project Datenerfassungssystem, which is concerned with digitising historical sources, puts it, 'Many people have told us: "I have found something here that interests me. I want to do something, too." […] In this way the seeker who found the entry becomes a participant'.
In our analysis, we identified three broad types of tasks that project initiators allocate to volunteers: annotating, collecting and producing.
Annotating refers to adding a form of metadata to existing data, like tagging images or digitising text from historical sources. For example, volunteers participating in the ARTigo project tag photographs of paintings. In the project Datenerfassungssystem, volunteers transcribe historical lists of war casualties. These types of tasks are entirely Internet-based. In our case studies, tasks that involve annotating can be found in the following projects: ARTigo, Datenerfassungssystem and Genealogisches Ortsverzeichnis (GOV) (see Table 2 ).
Collecting means physically gathering data of some sort, such as catching a mosquito or taking a picture. This type of task typically applies to crowd science projects within the realm of the natural sciences. Volunteers are encouraged to go into the field and collect data and to submit the observations. The project Mückenatlas, for instance, asks volunteers to catch a mosquito without squashing it, to freeze it and subsequently to send it to the project coordinator. The other cases that involve collecting data are Animal Tracker, Meilensteine der motorischen Entwicklung im Kleinkindalter and Tauchen für den Naturschutz (see Table 2 ).
Producing involves creating new original content. In the project Wissensdinge for instance, this means writing a story about an object in the Natural History Museum in Berlin. Other examples are writing an article about an educational topic (e.g. Bildungsexplosion) or to translate ancient texts (e.g. Open Philology). This type of task is rare in the projects we analysed, and among crowd science initiatives generally, as it requires a considerable amount of commitment from the volunteers and is challenging to process on the part of the project initiators. This type of task signifies a form of crowd science in which volunteer contributions reach a certain threshold of originality that should qualify them for authorship of the kind typically offered by institutionalised science.
In addition to characterising the types of tasks, we have categorised them according to their degree of complexity. We distinguish between tasks that are simple, medium and hard. The majority of tasks that involve collecting or annotating can be classified as simple or medium. Breaking down a task into simple subtasks is a strategy that allows crowd science projects to distribute them to a large number of volunteers. Simple individual tasks allow projects to generate quality by means of quantity. Tasks that require volunteers to create new content tend to be complex and timeconsuming, thus we classify them as hard. We present an overview of the various types of tasks and their degree of complexity in Table 3 .
Even though in most projects the tasks allocated to volunteers are rather simple, it is apparent from various statements in the interviews that project initiators have great respect for both the engagement and the expertise of the volunteers and highly value their contributions. As a project coordinator explained, So there are numerous […] hobby ornithologists doing nothing else but driving around and watching birds. In terms of observations or general ornithological knowledge they are often even better than our scientists. (Animal Tracker) 
Quality assurance
Guaranteeing that the input received from volunteers is of high quality is another challenging aspect of crowd science. All projects in our sample take this issue into account, but only a few projects have developed efficient quality assurance strategies. Projects based on simple tasks involving collecting or annotating data can to some extent use automated quality control mechanisms. One such mechanism that was mentioned by several of the project initiators we interviewed was 'double-keying', that is, entering data (at least) twice in exactly the same form in order to be validated. Even though two people can easily repeat a common typo, in general, poor quality entries end up in the long tail of the data. As one of our interviewees explained,
The quality control is exclusively generated by validation through matching. Sometimes we get […] nonsense caused by misspellings, but it disappears somewhere at the end of the long tail. (ARTigo) Projects that deal with more complex input rely on humans to ensure data quality. Even though volunteers can additionally be involved in a form of peer-review, none of the projects we examined had a working solution to fully automate the process of quality assurance for more complex tasks. This may conceivably change in the future as machine learning techniques become more sophisticated and easier to apply.
Feedback mechanisms
Similar issues apply to feedback mechanisms. Feedback provision can be employed as a motivational tool that makes volunteers feel valued and encourages them to continue their engagement. In our case studies, most project initiators commented favourably on feedback mechanisms, but few projects seemed to have implemented a scalable feedback strategy. In most cases, feedback is channelled into conversational forms such as mailing lists or a discussion-forum where project coordinators and volunteers interact. Some project initiators make an extra effort by providing 'power volunteers' with personal feedback. One of our interviewees, for example, described how she sends personal thank-you letters to volunteers who provided her with samples. She remarked that these volunteers are interested in feedback that refers to the sample they sent rather than in a standard thank-you letter: 'So each time I have to come up with something new to motivate them to continue.
[…] So you know, it's like throwing them a little bit of bait' (Mückenatlas).
While feedback mechanisms pose less of a problem for crowd science projects that employ a gamification strategy, other crowd science projects face the challenge of having to find ways to provide their volunteers with encouraging feedback. What seems important for the future is to develop scalable solutions by automating the feedback process while maintaining a personalised character.
Discussion
Crowd science, described here using a set of cases, is blurring the line between institutional science and civil society (Bonney et al., 2016; Riesch and Potter, 2014) , but it is unlikely to fundamentally challenge institutional hierarchies. Growing political and economic demands on institutional science are manifesting themselves in increasing competition for resources, and there is great pressure to conduct research that has secondary social, political and economic benefits. Crowd science fits with this trend and it also confers social legitimacy on projects by involving non-experts. Crowd science can thus be understood as one manifestation of an on-going shift in the relationship between institutional science and society at large. Our findings on the objectives of crowd science projects suggest that both the revolutionary understanding of crowd science as a 'bottom-up' alternative to established institutional processes and as an evolutionary 'top-down' approach that integrates a crowd component into existing professional research workflows exist side by side. We found a high level of appreciation among institutional scientists for volunteers' efforts. This suggests that the contributions of volunteers can be an asset for professional science. A closer interaction between professional and amateur scientists is considered attractive to career scientists because it may enable solutions to problems that would otherwise be intractable (Nature, 2015) . It is also worth noting that the two groups do not need to share the same aims for a project to be successful. Models in which the outcome is effectively masked from the participants can thrive if the act of participating is entertaining or rewarding. Considering the momentum behind (mobile) online gaming and the large number of players that simple online games manage to attract, applying gamification techniques to crowd science projects could be a strategy to harness more of the potential of online technologies and also possibly a way to keep the crowd engaged beyond the purely educational aspects of such projects.
In analysing how crowd science projects access volunteers, we found that only a few of them mobilise existing communities. Motivating people to participate is one of the key challenges when setting up a crowd science project. It is therefore surprising that so many projects tackle this challenge by relying on their own power to draw a crowd. We propose that crowd science projects would benefit from more interaction with established communities. This, however, requires alignment and a high level of mutual understanding. Another approach that seems fruitful is to offer some form of reward to contributors (for instance, through feedback or authorship).
When looking at the tasks that crowd science projects ask their volunteers to perform, we found a predominance of relatively simple tasks. To counteract the argument that crowd science is just a form of cheap labour, projects could offer a broader array of tasks to be performed, including more complex ones. Such an approach would give motivated volunteers more options and serve as an example of how volunteers can play an integral role in research projects. At the same time, breaking down tasks into small -and consequently often simple units -constitutes the basis that allows for scaling up, automating quality assurance mechanisms as well as for applying gamification approaches. Striking a balance with regard to task complexity and the overall project set-up is an area for further explorations.
The formal system of scholarly communication represents a barrier that wards off outsiders. Professional science, as Dickel and Franzen (2016) point out, is highly selective and is only 'open' in a relative sense (p. 11). The problem of extending science to non-professionals (Collins and Evans, 2002 ) is complicated by a lowered barrier to scientific contribution via online platforms, but not in the sense that volunteers actively compete with professional scientists.
When studying the cases, we found that both quality assurance and feedback mechanisms were pivotal aspects for the success of crowd science projects. The literature on these topics is limited and only a few of the projects in our sample had a dedicated strategy to deal with these issues. For some projects, double-keying can be employed to perform quality assurance, but this method is not applicable to many settings. Here, more developed strategies are needed, as is research that evaluates these strategies and provides projects with guidelines. Feedback appears to be an essential part of crowd motivation. And while most project coordinators commented favourably on feedback in general, only a few have a scalable feedback strategy in place. This seems to be representative of the overall situation of crowd science. Crowd science is a relatively young phenomenon that is facing different challenges to traditional forms of citizen science. In many situations, project coordinators solve various problems ad hoc, without an initial strategic plan and without guidelines and best practice examples to refer to. Nevertheless, it is reasonable to assume that crowd science projects will professionalise over time. But in order for them to do so, more research on the topic is needed to provide project initiators with clear guidance.
And finally, it remains to be seen what impact current developments in crowd science will have on institutional science. Professional elites are resistant to change from the outside, and the unsolved problems in this area, such as ensuring the reliability of knowledge generated in crowd science platforms, may inhibit its success. The successful integration of crowd science into existing scientific practices, rather than the invention of alternative avenues of knowledge creation by those traditionally excluded, will be the yardstick by which the impact of crowd science will be measured.
